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ARTICLE INFO ABSTRACT

Keywords: We investigated the influence of neurodiversity on attitudes towards AI and how the effect is moderated by
A‘tiﬁCial intelligence gender and age. Attitudes towards Al, which strongly predict how people engage with the technology, vary
Autfs“f‘ . widely among individuals. While existing research has primarily focused on the general population, there is an
Autistic traits . . .pe Vs . e

Neurodiversi increasing need to explore how specific groups that may benefit in particular from Al, such as autistic people,
Gender v perceive and interact with it. We administered the Attitudes Towards Artificial Intelligence Scale in a web-based
Age format to 1057 German-native speakers, comprising people with a self-reported autism diagnosis (n = 29),

people who self-identified as autistic without a formal diagnosis (n = 86), and non-autistic participants (n =
942). Group means showed that self-identified autistic participants reported significantly less positive attitudes
towards Al than diagnosed and non-autistic participants. In hierarchical regressions, diagnosis emerged as a
positive predictor of general Al attitudes, when controlling for gender, age, and autistic traits. Trait analyses
revealed that greater social difficulties and sensory sensitivities predicted less favourable attitudes towards Al,
while other trait dimensions were not significantly associated. Both gender and age moderated these effects:
attitudes declined with increasing traits in both groups, but more slowly in females, and the relationship between
autistic traits and Al attitudes was more positive among younger compared to older participants. While some
effect sizes were small, these results suggest that neurodiversity, gender, and age play a role in shaping AI
perceptions.

1. Background

Artificial Intelligence (AI) is one of the most pervasive technologies
in modern society, and it is increasingly integrated into daily life
(Vesnic-Alujevic et al., 2020). Al influences sectors as diverse as
healthcare, education, finance, entertainment, law, transportation,
agriculture, tourism, and research (Belanche et al., 2019; Chen et al.,
2020; Choudhury et al., 2023; Go et al., 2020; Kumar et al., 2020; Mohr
& Kiihl, 2021; Ribeiro et al., 2022; Rubinger et al., 2023; Secinaro et al.,
2021; Xu & Wang, 2021). A key application is analysing medical images,
such as computed tomography scans and magnetic resonance imaging
scans, to identify abnormalities and diagnose diseases (Holzinger et al.,
2023; Yin et al., 2021). Nevertheless, the rapid advancement of Al
technologies presents ethical and societal challenges (Vesnic-Alujevic
et al., 2020). For instance, educators must navigate issues of academic

integrity and the integration of opaque systems in learning environ-
ments (Currie, 2023; Kumar et al., 2020; Sijing & Lan, 2018, pp. 1-5),
while policymakers face dilemmas concerning regulation, transparency,
and accountability (Mittelsteadt, 2023).

A particularly pressing technical concern is the opacity of machine-
learning algorithms, which often function as ‘black boxes’ that hinder
understanding and oversight (Fainman, 2019; Walmsley, 2021; Wisch-
meyer, 2020). As a result, while Al systems continue to evolve, there
remains some polarisation in people’s readiness to embrace Al Al is
frequently perceived as a threat to employment and data or physical
safety (Ivanov et al., 2020; Waytz & Norton, 2014; Zhang & Dafoe,
2019), as well as to established norms of authorship (Thorp, 2023), and
even to human identity itself (Ztotowski et al., 2017). More generally,
some people may fear losing control over Al technology (Fast & Horvitz,
2017). However, attitudes towards AI, which impact how people engage
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and communicate with Al, are shaped by individual differences in de-
mographic variables, such as cultural socialisation, gender, and age
(Attitudes Towards the Impact of Digitisation and Automation on Daily
Life, 2017). Some studies report, for instance, that Eastern cultures tend
to adopt new technologies more readily than Western cultures (Jecker &
Nakazawa, 2022; Mantello et al., 2021). Likewise, males and younger
people have been found to show more positive attitudes towards Al than
females and older people (Attitudes Towards the Impact of Digitisation
and Automation on Daily Life, 2017; Fietta et al., 2022; Schepman &
Rodway, 2020, 2023; Sindermann et al., 2021; Zhang & Dafoe, 2019). In
a similar vein, knowledge about or experience with Al may positively
influence attitudes towards Al (Attitudes Towards the Impact of Digiti-
sation and Automation on Daily Life, 2017; Belanche et al., 2019;
Mantello et al., 2021; Schepman & Rodway, 2023; Zhang & Dafoe,
2019). Lastly, various personality traits seem to determine attitudes
towards new technologies in general and Al in particular (Elson et al.,
2018; Schepman & Rodway, 2023). For instance, people high in
agreeableness may be more likely to have positive attitudes towards Al
(Stein et al., 2024).

Given the effects of these demographic variables, it is likely that
other individual differences shape Al attitudes as well. These may
include situational context, such as educational background, type of
employment, or social isolation, mental health, such as anxiety, or
neurodiverse cognitive profiles. Since attitudes towards Al may affect
how people approach these technologies (Glasman & Albarracin, 2006),
understanding these attitudes in specific groups becomes critical for
successfully adopting these technologies and, thus, ensuring equal op-
portunities for diverse users.

Of particular interest in this context are autistic people who can find
social interactions anxiety-provoking, overwhelming, or exhausting
(Black et al., 2023).! While some research and lived experience accounts
attribute these challenges to difficulties in understanding others’ in-
tentions and social behaviours (Prizant & Wetherby, 1987), many
autistic people report that the primary difficulty lies in the cognitive and
emotional effort required to manage social interactions, along with the
anxiety associated with over-interpreting how others perceive them
(Black et al., 2023). Relatedly, several studies and first-person accounts
suggest that autistic people may be more prone to loneliness (Grace
et al., 2022) and are more likely to anthropomorphise—or person-
ify—non-human objects (Caruana et al., 2021; White & Remington,
2019). Some authors interpret this tendency as a possible way of seeking
alternative forms of social connection, although evidence remains
limited (Caruana et al., 2021; White & Remington, 2019). In line with
this assumption, research suggests that autistic people more often prefer
computer-mediated communications than non-autistic people
(Gillespie-Lynch et al., 2014), and autistic adolescents use technology in
school and at home to increase their independence and reduce anxiety
(Hedges et al., 2018). Interestingly, autistic people have been found to
differ from non-autistic people in social judgements or recognising facial
expressions of natural faces but not of artificial, computer-generated
faces (Forgeot d’Arc et al.,, 2014) or cartoon faces (Rosset et al.,
2007). Such findings suggest that some Al-driven technologies could be
perceived as less demanding or more accessible, though direct evidence
on this link is still missing.

Besides the evidence for beneficial effects of technology-based social
interactions, AI may also offer valuable support in the healthcare
domain. For instance, Al could help make the diagnosis process more

! It is important to emphasise that, unlike the DSM-5 framework, we view
autism as a condition encompassing both challenges and strengths, rather than
categorising it as a disorder. Accordingly, we have chosen not to adopt DSM-5
terminology in this paper. In line with the preferences expressed by segments of
the autistic community, we use identity-first language (e.g., “autistic person™),
though we acknowledge that others may favour person-first language [e.g.,
“person with autism”; (Kenny et al., 2016).
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objective. This is particularly important for people who do not identify
as male since traditional diagnostic processes often fail to adequately
serve them, leading to underdiagnosis or misdiagnosis (Lockwood Estrin
et al., 2021; Whitlock et al., 2020). Moreover, Al has the potential to
make healthcare interactions, especially therapy, less confrontational by
offering more structured and predictable environments, which many
autistic people prefer due to reduced demands for spontaneous social
engagement (Billard et al., 2007; Howard & Sedgewick, 2021; Moore
et al., 2000, 2005; Sinha et al., 2014). Given these potentially mean-
ingful applications of Al for autistic people, it is surprising that, so far,
research on attitudes towards Al in autistic people is missing.

The current study embarked on this endeavour. We focused on gen-
eral attitudes towards Al, because such attitudes are known to shape
acceptance across a wide range of domains, including but not limited to
healthcare and education. We assessed attitudes towards Al in both
autistic and non-autistic people with the Attitudes Towards Artificial In-
telligence Scale (ATTARI-12; Stein et al., 2024), a recently developed
measure designed to assess both positive and negative attitudes,
considering the classic trichotomy of human attitude, people’s thoughts,
feelings, and behavioural intentions, without focusing on particular Al
applications. Given that autistic traits often align with specific person-
ality dimensions that differ from non-autistic people (Lodi-Smith et al.,
2019)—many of which are known to influence attitudes towards Al
(Park & Woo, 2022; Stein et al., 2024), we hypothesised that attitudes
towards Al, as measured by the ATTARI-12, will differ systematically
between autistic and non-autistic people. Specifically, we anticipated
that autistic people would express more positive attitudes towards Al,
possibly due to their distinct social and cognitive profiles that might
predispose them to view Al as less threatening or more useful (see
Table 1 for a summary of these hypothesis; for a detailed discussion, see
attitudes_analysis.html on the project’s Open Science Framework page:
https://osf.io/anrq7 /overview).

Given that autism features vary across genders (Beggiato et al., 2017;
Hull & Mandy, 2017; Wood-Downie et al., 2021), we also explored how
gender moderated this effect. Internalising behaviours such as anxiety
and depression, captured by the trait Neuroticism, are particularly
typical for female and non-binary autistic people (Dean et al., 2017;
Oswald et al., 2016). Moreover, autistic females compared to males may

Table 1
Summary of hypothesised relations between personality traits, autism, and at-
titudes towards Al

Personality Trait

Autism-Trait

Al-Attitude

Expected Attitude

Association Association in Autistic People

Openness Often lower Positively Mixed: more
autistic people associated with openness in focused
(esp. flexibility, openness to Al interests may foster
emotional innovation positive views
introspection)

Conscientiousness ~ Mixed: high Mixed: positive Depends on Al
orderliness, low when Al is structure: rule-
flexibility/ structured, based Al preferred
executive control negative when

opaque

Extraversion Lower autistic Lower Positive: Al reduces
people; Extraversion overwhelming
preference for linked to more social demands
solitude favourable AL

attitudes

Agreeableness Often lower Positively Context-dependent:
autistic people in associated with moral/respectful Al
neurotypical trust and may still be viewed
contexts cooperation favorably

with AI
Neuroticism Typically higher Often negatively =~ Mixed: supportive

autistic people;
linked to anxiety/
stress

associated with
Al attitudes

Al may reduce
anxiety, but
ambiguous Al may
elevate fear
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exhibit social behaviours more similar to non-autistic peers (Cho et al.,
2023; Hiller et al., 2014; Hsiao et al., 2013; Hull & Mandy, 2017; Lai
et al.,, 2015; Rynkiewicz et al., 2016; Sedgewick et al., 2016). Low
Agreeableness and Extraversion, on the other hand, may be more typical
of a male representation of autism, which is linked to more externalising
behaviours, such as hyperactivity and impulsivity (Huke et al., 2013;
Mandy et al., 2012). Female autistic people also tend to engage in more
masking behaviours than males (Schuck et al., 2019), which positively
relates to Neuroticism (Robinson et al., 2020). At the same time,
research on personality traits in the general population suggests that
females score higher in Neuroticism, Extraversion, Agreeableness, and
Conscientiousness than males (Schmitt et al., 2008). Based on differ-
ences in autistic traits across genders, which resemble, in parts, gender
differences in personality traits in the general population, and based on
gender differences in attitudes towards Al, we expected that the effect of
autism on attitudes towards Al differed across genders.

Finally, since age may have an effect both on the presentation of
autism and on attitudes towards AI, we also examined whether age
moderated the relationship between autism and attitudes towards Al
With age, general cognitive ability and strategies for emotional regula-
tion may improve, whereas autistic traits may increase (Happé et al.,
2016; although, cf. Fein et al., 2013). Positive attitudes towards Al, on
the other hand, especially as measured by the ATTARI-12 (Stein et al.,
2024), decrease with age (Zhang & Dafoe, 2019).

2. Methods

The protocol of the current study was pre-registered on the Open
Science Framework (OSF; https://osf.io/anrq7/overview). As the data-
set was collected as part of a larger German-language project, partici-
pation was restricted to German-native speakers to ensure cultural
comparability of responses (Jecker & Nakazawa, 2022; Mantello et al.,
2021). The study was hosted on the PClbex platform, and data was
collected via the online platform Prolific as part of a separate project,
also pre-registered (https://osf.io/zgybv/overview). Eligibility criteria
included being 18 years or older, identifying German as a native lan-
guage in the Prolific profile, and having a minimum approval rate of
>99 % on Prolific (reliability score). We excluded participants from
analysis if they: (1) reported a non-German native language in our de-
mographics questionnaire, (2) failed two or more of four embedded
attention checks, or (3) completed the full set of questionnaires in under
8 min. Based on these criteria, 44 participants were excluded, resulting
in a final sample of 1057 participants (mean age = 33 years, SD = 10;
540 female, 487 male, 27 non-binary, 3 undisclosed). This sample
included participants who (1) reported a formal autism diagnosis
(diagnosis: n = 29; 16 female, 7 male, 6 non-binary, 0 undisclosed), (2)
self-identified as autistic but without a formal diagnosis (self--
identified; n = 86; 54 female, 24 male, 6 non-binary, 2 undisclosed),
and (3) reported neither being autistic nor having a diagnosis (no
diagnosis: n = 942; 470 female, 456 male, 15 non-binary, 1 undis-
closed; see Table 2). For all group-level analyses we treated participants
as belonging to one of three mutually exclusive groups: (1) diagnosed
(self-reported formal autism diagnosis), (2) self-identified (self--
identified as autistic without a formal diagnosis), and (3) non-autistic
(reported neither a diagnosis nor self-identification). Because
identity-based sampling may affect group composition, we report
sensitivity contrasts where useful (e.g., diagnosed vs. non-autistic,
self-identified vs. non-autistic), but our primary inferences rely on
continuous autistic traits (CATI-R) and moderation by gender and age.
Most participants resided in Germany (n = 720, 68.12 %) or the UK (n =
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108, 10.22 %). Ethnicity data are summarised in Table 3. There were no
missing responses in the final dataset, as the survey software required
completion of all items to proceed.

Participants completed a demographic survey stating their native
language, gender’ identity, self-reported autism diagnosis, and self-
identification with autism, the Revised Comprehensive Autistic Trait
Inventory (CATI-R; Hechler et al., 2025), which measures autistic traits
across six subscales (Social Interactions, SOC; Communication Difficulty,
COM; Masking, MAS; Cognitive Rigidity, RIG; Repetitive Behaviours, REP;
and Sensory Sensitivity, SEN), two traditional measures of autistic traits
(reported elsewhere), and the ATTARI-12, which measures attitudes
towards Al via Cognitive, Affective, and Behavioural subdomains.

This study was approved by the Human Ethics Committee of the
University of Potsdam (approval number: 84/2021), dated 24/030/
2022, aligning with the principles outlined in the Declaration of Hel-
sinki. Participation was voluntary, and written informed consent was
obtained from all individual participants included in this study. The
experiment took approximately 18 min to complete, and participants
received £3 compensation.

All statistical analyses were performed using an R Markdown script
(v4.5.0; R Core Team 2025) that is available on the project’s OSF page
(https://osf.io/anrq7/overview; for a detailed description of the anal-
ysis, see Analysis Overview in attitudes_analysis_blind_review.html).

3. Results
3.1. Main analysis

Group differences in CATI-R and ATTARI-12 were examined with
Welch’s t-tests (unequal variances) for pairwise contrasts among the
three groups. Trait-based models (linear and moderated) were used to
characterise variation within and across groups.

As expected, participants with a diagnosis reported most autistic
traits (M = 165, SD = 23.11), followed by the self-identified group (M =
161.09, SD = 18.81), and the non-autistic group (M = 123.15, SD =
24.2). All pairwise differences between groups were significant (all ps <
0.01; detailed results are presented in the supplementary material on the
project’s OSF page). These profiles indicate that both autistic groups
have elevated trait levels relative to non-autistic participants, with a
modest diagnosed vs. self-identified difference. We use these descriptive
differences to contextualise group differences in general Al attitudes and
the trait-based moderation results reported below.

As Table 4 shows, participants with a diagnosis reported slightly
more favourable attitudes towards AI (M = 41.97, SD = 10.82)
compared to non-autistic (M = 41.13, SD = 10.28) but this difference
was not significant (t(367.14) = 1.43, p = .15, 95 % CI [—-0.31, 1.97]).
The self-identified group showed the lowest average Al attitudes (M =,
SD =), which differed significantly from both the diagnosed (¢(673.61)
= 5.54, p < .01, 95 % CI [2.45, 5.14]) and non-autistic groups (t
(1169.85) = 7.59, p < .01, 95 % CI [2.2, 3.73]). We repeated the group
comparisons for the ATTARI-12 subdomains (affective, behavioural,
cognitive) as an exploratory analysis. As the scale was validated as a
single-factor measure of general Al attitudes, these analyses served only
to confirm that the observed patterns were consistent across item types.
All three subdomain scores reflected the above patterns for the three
groups (see the supplementary material on the project’s OSF page for
detailed results).

Note that analyses using a pooled ‘autistic’ group (diagnosed + self-
identified) yield lower overall ATTARI-12 means than non-autistic (see
the supplementary material on the project’s OSF page), but our primary

2 Please note that the terminology we use reflects a socio-cultural under-
standing of gender. We intentionally chose not to collect data on participants’
biological sex, in recognition of the fact that many autistic people identify as
transgender, non-binary, or gender diverse (Strang et al., 2020).
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Table 2
Demographic variables.
Country of Residence Number of Participants Age
n Female Male Non-Binary Prefer-Not-To-Say Minimum Maximum M SD
No diagnosis
Australia 7 5 2 0 0 24 56 36.14 10.56
Austria 73 41 29 3 0 21 70 31.22 9.71
Belgium 1 0 0 0 27 27 27.00 NA
Canada 11 7 4 0 0 19 58 34.27 12.73
Chile 1 1 0 0 0 29 29 29.00 NA
Czech Republic 1 0 1 0 0 26 26 26.00 NA
Denmark 1 1 0 0 0 39 39 39.00 NA
France 1 0 1 0 0 26 26 26.00 NA
Germany 704 325 363 14 2 20 73 31.57 9.07
Greece 1 0 1 0 0 23 23 23.00 NA
Ireland 7 5 2 0 0 19 65 34.00 19.63
Italy 6 3 3 0 0 22 38 30.50 5.92
Korea 1 0 1 0 0 43 43 43.00 NA
Latvia 1 0 1 0 0 23 23 23.00 NA
Luxembourg 1 0 1 0 0 44 44 44.00 NA
Netherlands 4 2 1 1 0 22 32 26.75 4.99
New Zealand 5 3 2 0 0 18 51 36.00 13.42
Poland 1 1 0 0 0 24 24 24.00 NA
South Africa 1 1 0 0 0 27 27 27.00 NA
Spain 6 5 1 0 0 38 58 47.17 6.55
Sweden 1 0 1 0 0 30 30 30.00 NA
Switzerland 29 9 20 0 0 21 70 34.69 11.29
United Kingdom 103 77 23 2 1 19 72 37.42 11.78
United States 52 33 19 0 0 18 74 44.27 13.54
NA 9 4 4 1 0 NA NA NA NA
1028 524 480 21 3 18 74 33.02 10.40
Diagnosis
Austria 3 2 0 1 0 23 48 33.00 13.23
Germany 16 8 5 3 0 22 49 30.62 8.91
Switzerland 2 0 1 1 0 27 38 32.50 7.78
United Kingdom 5 4 1 0 0 23 44 34.00 8.80
United States 1 1 0 0 0 38 38 38.00 NA
NA 2 1 0 1 0 NA NA NA NA
29 16 7 6 0 22 49 31.93 8.77
1057 540 487 27 3 18 74 33.00 10.00
Table 3 step hierarchical multiple regression. Model 1 included gender and age
able

Ethnic identities across participant groups (percentage of the total sample).

Asian Black Mixed Other White No Response

No diagnosis 2.24 0.84 4.21 0.47 87.01 1.31
Diagnosis NA NA 0.09 NA 2.43 0.19
2.24 0.84 4.30 0.47 89.44 1.50

group comparisons are reported separately for the three mutually
exclusive groups to avoid masking the lower scores unique to the self-
identified group.

## Saving 6.5 x 4.5 in image.

Next, we explored gender differences in total scores, focusing on
participants who identified as either male or female (see Fig. 1). Results
showed a significant difference in total ATTARI-12 scores, t(1213.88) =
28.94, p < .01, CI [4.94, 5.65]. Males reported significantly more pos-
itive attitudes towards AI (M = 43.9, SD = 10.23) compared to females
(M = 38.61, SD = 10.04). Importantly, the self-identified group was
female-skewed (53 female, 23 male, 6 non-binary, 2 undisclosed, se also
Fig. 1). This composition aligns with the lower mean in the self-
identified group. Again, we repeated the above comparisons for the
three subdomain scores of the ATTARI-12 and found the same pattern as
for the total scores. The only exception were group differences in the
affective subdomain, which did not reach statistical significance (p =
.39), though the pattern was similar.

3.1.1. Hierarchical multiple linear regression
To examine whether demographic variables, autistic traits, and
autism diagnosis predicted attitudes towards Al, we conducted a three-

group as predictors. The model was significant, F(8, 5298) = 17.43,p <
.01. The overall explanatory power was small, with an adjusted R? =
0.024. The results showed that, compared to males, females ( = —0.33,
p < .01), non-binary participants (f = —0.57, p < .01), and participants
who preferred not to state their gender ( = —0.83, p < .01) all reported
significantly less positive ATTARI-12 scores. With regards to age, no
clear associations were found; only participants aged 27-34 years
showed significantly more positive Al attitudes than participants aged
18-26 years. (f = 0.11, p < .01).

In Model 2, we added the CATI-R subscale scores (SOC, COM, MAS,
REP, RIG, SEN). The model remained significant, F(14, 5292) = 11.99, p
< .01, with an improved adjusted R?> = 0.028. The inclusion of CATI-R
subscales significantly improved model fit, AR? = 0.01, F(6, 5292) =
4.65, p < .01. Specifically, higher scores on the SOC scale were nega-
tively associated with Al attitudes (f = —0.08, p < .01). Other subscales
did not reach significance.

In Model 3, we added self-reported autism diagnosis as a predictor.
The model was significant, F(15, 5291) = 11.62, p < .01 and explained
slightly more variance, adjusted R? = 0.029, with a small but significant
improvement in model fit compared to Model 2 [AR? = 0.0012, F(1,
5291) = 6.33, p < .01]. Diagnosis was a significant positive predictor (4
= 0.26, p < .01), suggesting that autistic people reported more positive
attitudes towards Al, after controlling for gender, age, and trait
subscales.

3.1.2. Correlations between autistic traits and attitudes towards Al

3.1.2.1. Total scores. A Spearman’s rank-order correlation was con-
ducted to examine the relationship between total scores on the CATI-R
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Fig. 1. Attitudes towards Al (Total ATTARI-12 scores) by participant group.
and ATTARI-12. The results indicated a significant but very weak
negative correlation (p = —0.1, p < .01), suggesting that people with
higher autistic trait scores tended to report slightly less positive attitudes
towards Al (see Fig. 2). This correlation remained statistically significant
after False Discovery Rate correction for multiple comparisons, indi-
cating that the observed relationship is robust.

3.1.2.2. CATI-R subscales and ATTARI-12 total scores. Spearman’s rank-
order correlations further showed that both SOC (p = —0.1, p < .01) and
SEN subscales (p = —0.165, p < .01) were significantly negatively
associated with overall attitudes towards Al, even after False Discovery
Rate correction. Other CATI-R subscales were not significantly related to
Al attitudes (all ps > 0.097).

3.1.2.3. CATI-R subscales and ATTARI-12 subdomains. To examine the
relationships between autistic traits and different dimensions of Al at-
titudes, we computed Spearman’s rank-order correlations between the
standardised CATI-R subscale scores and the ATTARI-12 affective,
behavioural, and cognitive subdomains.

For cognitive attitudes, the SOC subscale showed a small negative
association (p = —0.109, p < .01), indicating that those who experienced
more social difficulties had less positive thoughts about Al This result
remained significant after False Discovery Rate correction. A similar
significant correlation was observed between cognitive attitudes and the
SEN subscale (p = —0.161, p < .01), indicating that those with higher
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sensory sensitivities had less positive thoughts about Al. Again, this
result survived the correction. All other associations were not statisti-
cally significant (all ps > 0.05).

No significant correlations were found between affective attitudes
and most CATI-R subscales (all ps > 0.06), except for affective attitudes
and the SEN subscale, with a small negative correlation (p = —0.164, p
< .01), indicating that those with higher sensory sensitivities had less
positive feelings about Al This result remained significant after False
Discovery Rate correction.

Regarding behavioural attitudes, a small but significant negative
correlation was found with the SOC subscale (p = —0.098, p < .01),
indicating that those who experienced more social difficulties had less
positive behavioural intentions towards Al This effect remained sig-
nificant after False Discovery Rate adjustment. Similarly, the SEN sub-
scale was negatively associated with behavioural attitudes (p = —0.131,
p < .01), indicating that those with higher sensory sensitivities had less
positive behavioural intentions towards Al This relationship also
withstood False Discovery Rate correction. All other correlations were
non-significant (all ps > 0.05).

Taken together, although statistically significant, the above associ-
ations were small in magnitude, indicating that autistic trait dimensions
such as social difficulties and sensory sensitivities explained only a very
limited proportion of variance in Al attitudes. However, these trait-
based effects provide a principled explanation for the group means
above: a group with higher trait intensity and a gender composition
associated with less positive attitudes will, on average, show a lower
ATTARI-12 mean even when diagnosis-only contrasts are small.

3.2. Exploring the relationship between neurodiversity, attitudes towards
Al and gender

3.2.1. ANOVA

To examine whether autistic traits and attitudes towards Al differed
by gender, we conducted two separate between-subjects analyses of
variance (ANOVAs) with gender as a two-level factor (male, female).
Participants identifying as non-binary or preferring not to say were
excluded from these specific analyses due to small sample sizes (n = 30
and n = 3, respectively).

There was a statistically significant difference in total CATI-R scores
between males and females, F(1, 12322) = 101.68, p < .01. On average,
females reported significantly higher levels of autistic traits (M =
128.88) compared to males (M = 124.11), although the effect size was
small (72 = 0.01), suggesting that gender accounted for only a limited
proportion of the overall variance in autistic traits.

A similar pattern was observed for attitudes towards Al, as measured
by the ATTARI-12 total score. Females reported significantly less posi-
tive attitudes (M = 38.61) compared to males (M = 43.9), F(1, 12322) =
839.04, p < .01. This effect had a small-to-moderate effect size (% =
0.06).

3.2.2. Correlations between autistic traits and attitudes towards Al per
gender

3.2.2.1. Total scores. We examined the relationship between autistic
traits and attitudes towards Al separately for female and male partici-
pants. For each gender, we assessed the association between stand-
ardised total CATI-R scores and total ATTARI-12 scores using
Spearman’s rank-order correlations.

For female participants, the correlation was not statistically signifi-
cant (p = —0.057, p = .186). For male participants, the correlation was
statistically significant (p = —0.095, p = .036) but did not survive FDR
correction, so we treat it as negligible.

3.2.2.2. CATIR subscales and ATTARI-12 subdomains. Neither for fe-
male nor for male participants, any of the correlations between CATI-R
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subscales and ATTARI-12 subdomains reached statistical significance,
after applying a False Discovery Rate correction for multiple compari-
sons (all ps > 0.20), suggesting that, per gender group, autistic trait
subdomains were not significantly associated with specific components
of attitudes towards Al.

3.2.3. Moderation analysis

Although simple correlations within each gender group were non-
significant, these analyses do not account for potential interaction or
non-linear effects. Moderation models provide a more sensitive test of
whether slopes differ across groups and can reveal interaction and
curvilinear effects that are not detectable in simple correlations. We
examined whether gender (male vs. female) moderated the relationship
between autistic traits and attitudes towards Al using linear regression
models. In the first model, gender was included as a moderator in the
association between standardised CATI-R and ATTARI-12 scores. The
interaction term between CATI-R scores and gender was statistically
significant, § = 0.04, SE = 0.02, t = 2.16, p = .03, indicating that the
association between autistic traits and Al attitudes differed by gender.
Model fit was modest, adjusted R? = 0.069, F(3, 12320) = 307.32, p<
.01. This indicates that while the interaction was statistically significant,
gender explained only a modest proportion of the variance in Al atti-
tudes. Simple slopes analysis revealed that CATI-R scores negatively
predicted ATTARI-12 scores for both males (4 = —0.1, SE = 0.01, t =
—7.1, p < .01) and females (§ = —0.06, SE = 0.01, t = —5.19, p < .01).
The association between autistic traits and favourable attitudes towards
Al was less negative in females than males, suggesting a differential
moderation effect.

Since these findings diverged from the correlation analysis, we
further used a moderated quadratic regression model to test whether the
relationship between autistic traits and attitudes towards Al was non-
linear and moderated by gender. To explore potential non-linear
moderation, we included a quadratic term and its interaction with
gender. This extended model revealed no significant quadratic effect of
autistic traits on Al attitudes, p = .07, and no significant interaction
between autistic traits and gender, p = .39. Including quadratic terms
did not significantly improve model fit. The quadratic interaction
explained only an additional 0.03 % of variance in attitudes towards Al
beyond the linear moderation model (AR?® =3 x 10’4, p =.11). To aid
interpretation, fitted regression lines with quadratic curves and 95 %
confidence bands are presented in the supplementary material on the
project’s OSF page. Robustness checks confirmed that the absence of a
quadratic effect was not driven by extreme observations: results
remained non-significant after excluding participants with outlying
CATI-R scores ( £ 2 SD), outlying ATTARI-12 scores ( + 2 SD), or both.
In sum, these analyses indicate that the relationship between autistic
traits and Al attitudes was adequately captured by the linear moderation
model, with no evidence for additional curvilinear effects.

3.3. Exploring the relationship between neurodiversity, attitudes towards
Al and age

Table 5 summarises mean CATI-R and ATTARI-12 scores per age
group. To evaluate whether age moderated the relationship between
autistic traits and attitudes towards Al, we implemented another

Table 5

CATI-R and ATTARI-12 scores per age-range group.
Age Group CATI-R (Mean) ATTARI-12 (Mean) n
18-26 132.48 39.64 329
27-34 127.06 42.02 356
35-42 124.57 41.46 201
43-60 119.39 40.27 134
61-68 124.26 39.42 19
69-74 113.75 42.88 8
NA 151.50 42.60 10
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moderation analysis with the age group as a moderator variable in a
linear regression model, standardised CATI-R scores as the predictor and
standardised ATTARI-12 scores as the outcome. Model fit was low,
adjusted R? = 0.025, F(11, 12552) = 30.22, p < .01. Thus, although
statistically reliable, age explained only a small share of the variance in
Al attitudes.

The interaction terms between CATI-R scores and age groups indi-
cated that the relationship between CATI-R scores and ATTARI-12
scores varied across age groups (see Fig. 3), with one group showing a
positive interaction coefficient (43-60 years: f = 0.11, SE = 0.03, t =
3.71, p < .01) and most others showing negative interaction coefficients
(27-34 years: f = —0.06, SE = 0.02, t = —2.52, p < .01; 69-74 years: f =
—0.36, SE = 0.09, t = —4.21, p < .01). The groups that showed no sig-
nificant interaction were 35-42 years (p = .12) and 61-68 years (p =
.07).

Simple slopes analysis confirmed the significant negative relation-
ship between CATI-R and ATTARI-12 scores for several age groups
(18-26 years: p=—0.1, SE=0.02,t= —6.16,p < .01; 27-34: p = —0.15,
SE =0.01, t = —10.3, p < .01; 35-42 years: f = —0.13, SE = 0.02, t =
—6.3,p < .01; 69-74 years: § = —0.46, SE = 0.09, t = —5.06, p < .01).

As for the previous moderation analysis on gender, an additional
moderated quadratic regression was conducted to examine whether the
non-linear relationship between autistic traits and attitudes towards Al
varied by age group. The overall model was significant, F(17, 12546) =
23.79,p < .01. Model fit was modest, adjusted R = 0.030. The quadratic
term for CATI-R was significant (3 = —0.03, SE = 0.01, t = —2.44,p <
.01), indicating a curvilinear relationship overall. Moreover, significant
interaction effects between most age groups and both the linear and
quadratic CATI-R terms suggest that both the strength and shape of this
relationship differed across age groups.

Including quadratic terms significantly improved model fit, ac-
counting for an additional 0.54 % of variance in attitudes towards Al
beyond the linear moderation model (AR2 = 0.0054, p < .01). This in-
dicates that curvilinear effects of autistic traits across age groups
explained a statistically reliable, though modest, increase in variance.
Fitted regression lines with quadratic curves and 95 % confidence bands
are presented in the supplementary material on the project’s OSF page.
Robustness checks confirmed that these effects were not driven by
extreme observations: quadratic effects remained significant after
excluding participants with outlying CATI-R scores ( & 2 SD), outlying
ATTARI-12 scores ( + 2 SD), or both (all ps < 0.01, AR? < 0.014). Taken
together, these analyses indicate that the relationship between autistic
traits and Al attitudes varies in a curvilinear manner across age groups,
although the practical significance of this effect remains small. Impor-
tantly, although some age subgroups showed statistically significant
associations, the relatively small sample sizes within these subgroups
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Fig. 3. Attitudes towards Al (Total ATTARI-12 scores) by age groups.
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limit the reliability of these effects. They should therefore be interpreted
with caution and addressed in future studies.

4. Discussion

The current study examined how neurodiversity, gender, and age shape
attitudes towards Al to better understand technology perception within
neurodivergent populations. Building on research suggesting that
autistic people may have distinctive cognitive and social profiles
(Lodi-Smith et al., 2019), we hypothesised that autistic participants
would report more favourable attitudes towards Al as measured by the
ATTARI-12. We further explored how gender and age might moderate
these effects. We first reported three mutually exclusive group-
s—diagnosed, self-identified, and non-autistic, before turning to trait and
moderation analyses. These groups differed significantly in their
self-reported autistic traits as measured by the CATI-R, with diagnosed
participants scoring highest and non-autistic scoring lowest. On the
ATTARI-12, the self-identified group showed the lowest mean total
scores, whereas diagnosed and non-autistic groups were similar in
central tendency. This three-group pattern provides the descriptive
backdrop for the trait-based and moderation results that follow.

Contrary to our pre-registered expectation of a clear group differ-
ence, diagnosed vs non-autistic means did not differ significantly,
whereas self-identified participants scored lower than both groups.
These findings may initially appear contradictory. However, as we un-
pack below, they become compatible, considering the demographic
characteristics of the three groups, in particular, the fact that the self-
identified group was more female-skewed.

Although the unadjusted diagnosed vs. non-autistic contrast was
non-significant, diagnosis emerged as a positive predictor of general Al
attitudes in the adjusted model. Hierarchical linear regression showed
that participants with an autism diagnosis showed more positive atti-
tudes towards Al, when controlling for gender, age, and autistic traits.
This small positive unique association reflects covariate adjustment
rather than a reversal of the raw mean pattern: the adjusted model
isolates the small, unique association of diagnosis after accounting for
gender, age, and trait subscales. Our findings align with the assumption
that autistic people often prefer structured, predictable interactions and
may benefit from technologies that reduce the need for spontaneous
social engagement (Billard et al., 2007; Howard & Sedgewick, 2021;
Moore et al., 2000, 2005; Sinha et al., 2014). The positive evaluation of
Al among autistic people may reflect a perception of Al as a tool that
offers control, consistency, and reduced social ambiguity, aligning with
autistic experiences (Ferrara & Hill, 1980; Macchia et al., 2024; Sinha
et al., 2014). While our dataset does not provide data on Al use, it
provides a useful hypothesis for future work: that the perceived pre-
dictability and social demands of AI systems may determine their
real-world adoption among autistic users. Future studies should there-
fore examine how individual differences in social cognition and sensory
sensitivity influence actual engagement with Al technologies in applied
contexts. Likewise, increased tendencies to attribute human-like quali-
ties to artificial agents (Caruana et al., 2021; White & Remington, 2019)
may help explain why some autistic people find Al systems more
engaging or comfortable. However, also this relationship was not
directly tested here. Nevertheless, our results do not align with
deficit-based medical and functional models of autism; instead they
show an openness to technology and suggest that Al may be perceived
not merely as neutral or threatening but as a positive social means for
people with specific cognitive and emotional profiles.

Females in our sample reported higher levels of autistic traits than
males, despite autism being more frequently diagnosed in males. This
pattern aligns with a growing body of research showing that autistic
traits are often under-recognised in females because of gendered dif-
ferences in presentation and diagnostic bias (Baio et al., 2018; Begeer
et al., 2013; Belcher et al., 2023; Gesi et al., 2021; Hull et al., 2020;
Kreiser Wells & White, 2013; Lockwood Estrin et al., 2021; Wilson et al.,
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2016). Females tend to display more internalised or socially compen-
sated forms of autistic traits, such as heightened sensory sensitivities,
social anxiety, and camouflaging behaviours (Huke et al., 2013; Mandy
et al., 2012). Moreover, the CATI-R used in the present study to assess
autistic traits was specifically designed to reduce the male bias found in
earlier measures like the Autism-Spectrum Quotient and to better cap-
ture domains more typical of female autistic presentation (Hechler et al.,
2025). The CATI-R’s sensitivity to these characteristics likely contrib-
uted to the higher female scores observed here and underscores the
importance of using inclusive trait measures in autism research.

Importantly, our results also revealed significant gender effects on
attitudes towards Al. Males generally reported more favourable Al at-
titudes than females, replicating gender trends in technology acceptance
literature (Attitudes Towards the Impact of Digitisation and Automation
on Daily Life, 2017). It is worth noting that bivariate correlations within
gender groups did not reveal significant associations between autistic
traits and Al attitudes. However, moderation analyses indicated that
gender influenced the strength and nature of the relationship between
autistic traits and Al attitudes: the association was less negative among
females than males. That is, attitudes decline with increasing traits in
both groups, but more slowly in females than in males. However,
because the moderation models accounted for only a modest proportion
of variance, these effects should be interpreted with caution. Never-
theless, the gender-specific pattern underscores the need to consider
gender identities when studying neurodiversity and technology
perceptions.

Across the sample, two trait dimensions, social difficulties and sen-
sory sensitivities were significantly associated with Al attitudes in the
current analyses, emphasising the heterogeneity of the autistic spec-
trum. Social difficulties emerged as a significant negative predictor of Al
attitudes, and those who experienced more social difficulties had less
positive thoughts about and behavioural intentions towards Al. While
this finding is in line with previous findings of a positive relationship
between agreeableness and ATTARI-12 scores (Stein et al., 2024), it may
seem counterintuitive when compared to prior literature linking low
Extraversion to greater Al acceptance (Park & Woo, 2022; Schepman &
Rodway, 2023). These associations support the idea that for people with
greater social cognitive difficulties, even relatively structured Al in-
teractions can still feel ambiguous or unpredictable. Reasons might be
through unclear conversational cues or unexpected system responses,
which may make such technologies less appealing. While our dataset
does not test this mechanism, research on robots in autism therapy may
provide indirect support for this interpretation. Rakhymbayeva and
colleagues, for instance, conclude that, while non-autistic children need
variation and novelty in robot behaviour to overcome predictability and
boredom, autistic children tend to prefer routine and sameness in robots
(Rakhymbayeva et al., 2021). Dautenhahn and Werry further hypoth-
esised that gradually increasing unpredictability could scaffold more
complex interactions. While these studies focus on children and robotics,
they raise the possibility that predictability is an important factor
shaping Al acceptance more broadly (Dautenhahn & Werry, 2004).
Further evidence of Al unpredictability affecting users in certain con-
texts is also noted among healthcare professionals for whom
techno-unpredictability may act as a techno-stressor within the context
of Al-powered systems in healthcare (Issa et al., 2024).

Correlation analyses further indicated that people with higher sen-
sory sensitivities tended to report less favourable thoughts, feelings, and
behavioural intentions towards Al. Although previous research shows
that technology can support independence and reduce anxiety in autistic
people (Benedicto-Rodriguez et al., 2025; Cabibihan et al., 2013; Dau-
tenhahn, 2003; Hedges et al., 2018), our findings may indicate that some
technologies, particularly those involving rich audiovisual stimuli or
complex feedback, such as social robots used for therapy, may inad-
vertently lead to over-stimulation (Scassellati et al., 2012). Supporting
this interpretation, earlier work found that autistic children manually
engaged with social toys, like dolls, more readily than non-social toys,
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like blocks, when both were simple in appearance (Ferrara & Hill,
1980). Similarly, Robins et al. (2006) observed that autistic children
showed a stronger preference for interacting with a plain, featureless
robot than with a more human-like one and displayed more social and
proactive behaviours in response to the simpler design. These findings
highlight the importance of sensory and design considerations and
suggest future work should explore how attitudes vary across different
Al applications (e.g., social robots vs. algorithmic decision-making). It is
important to note, however, that the effects of social difficulties and
sensory sensitivities were small, indicating that they only contributed
modestly to overall attitudes towards Al

Our results resonate with work by Du and colleagues, who reported a
negative association between autistic traits and Al acceptance in a non-
autistic sample using an educational Al tool (Du et al., 2025). Their
measure of autistic traits may have captured trait dimensions such as
social difficulties and sensory sensitivities. In our study, these traits were
associated with less favourable attitudes towards Al. This pattern may
reflect that Al systems, despite their predictability, can also generate
social ambiguity or sensory overload, for example through unclear cues
or unexpected outputs, which may be less appealing to individuals
sensitive to such experiences. Importantly, however, because our sample
also included autistic participants, we could show that a formal autism
diagnosis was associated with positive overall attitudes, even after ac-
counting for these trait effects. Together, this suggests that while certain
autistic traits (e.g., sensory sensitivities, social difficulties) may reduce
acceptance of Al, autistic people as a group may still evaluate Al posi-
tively due to the perceived benefits of predictability, reduced social
ambiguity, or alternative modes of engagement. Notably, Du et al.
examined a specific educational Al in a non-autistic sample, whereas our
outcome is general attitudes in a mixed sample; we therefore view the
convergence as conceptual rather than directly comparable in magni-
tude. Our findings also complement prior personality research. For
instance, less favourable Al attitudes among participants with higher
social difficulties resemble associations between lower Agreeableness
and reduced technology trust (Stein et al., 2024). Similarly, the negative
role of sensory sensitivities mirrors links between higher Neuroticism
and technology scepticism (Park & Woo, 2022).

Age, too, emerged as a significant moderator of attitudes towards Al
For most age groups, associations between autistic traits and Al attitudes
were negative but the relationship was not consistent for all. These
patterns suggest that broader generational differences in exposure to
and comfort with digital technologies interact with neurodivergent
traits to influence attitudes towards Al. Younger people, who grew up in
more technologically saturated environments, may view Al as a natural
extension of their interaction toolkit, whereas older people may view it
with more scepticism, even if they share similar neurodivergent profiles.
These interpretations are plausible but should be treated as tentative, as
the mechanisms proposed were not directly measured in our dataset.
Moreover, some of these effects should be interpreted with caution, as
they were small and age groups were defined in 8-year intervals to
evenly partition the adult lifespan. While this approach facilitates
comparability across age bands, the unequal distribution of participants
across these groups, particularly the smaller samples in older age ranges,
may affect the stability of interaction estimates. For instance, the
absence of a significant interaction in the 61-68 years group may be
attributed to insufficient statistical power (n = 19), whereas significant
effects in other groups are likely more robust due to larger sample sizes.
While these subgroup analyses provide valuable initial insights, the
limited sample sizes, especially among older adults, prevent firm con-
clusions and highlight the need for replication in more age-balanced
samples. Taken together, the differential effects of gender and age
highlight that neurodiversity research must move beyond binary com-
parisons (autistic vs. non-autistic) and adopt more intersectional,
developmental frameworks.

Beyond linear moderation effects, our analyses also revealed curvi-
linear (quadratic) relationships for age between autistic traits and Al
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attitudes. The inclusion of quadratic interaction terms significantly
improved model fit, indicating that the association between autistic
traits and attitudes towards Al is not simply stronger or weaker across
age groups, but is more complex, changing in shape. Future work should
explore these non-linear dynamics in larger, more age-balanced sam-
ples, considering, for instance, how lived experience, technology fa-
miliarity, or coping mechanisms might interact with neurodiversity to
shape technology perceptions.

In sum, given the small effect sizes, we view the factors discussed
here as incremental contributors that design can sensitively accommo-
date, rather than as dominant drivers of acceptance. Nevertheless, our
findings are consistent with the idea that categorical diagnosis and trait-
level variation capture different aspects of the autism—-AlI link. Moreover,
categorical labels may be less informative than individual traits and
demographic context for explaining variability in general Al attitudes.
Specific trait dimensions appear to dampen Al acceptance within both
autistic and non-autistic groups and gender differences in the presen-
tation of autistic traits may amplify trait-based associations. As such,
integrating neurodiversity into technology acceptance models, which
typically emphasise factors like perceived usefulness and ease of use,
could enable more inclusive and predictive models of Al engagement.
From a practical perspective, our findings suggest that Al systems could
be more inclusive if they incorporated features aligned with neuro-
divergent preferences. Participatory design methods that include
autistic people in the development process may ensure that Al tech-
nologies address their needs and expectations.

4.1. Limitations

Although statistically robust, many effect sizes observed across an-
alyses were small, indicating that the influence of neurodivergence,
gender, and age should be interpreted as incremental contributors rather
than dominant drivers of acceptance, and much variance remains un-
explained. Other unmeasured factors, such as Al experience, compe-
tence in technology use, trust in digital systems, or broader personality
traits not captured by autistic trait measures, may be involved. Thus, it
remains unclear whether neurodiversity causes differences in Al atti-
tudes or whether other factors mediate this relationship. Future work
should consider additional factors like technology exposure, digital lit-
eracy, or socio-economic factors, to capture the complex, context-
dependent nature of technology perceptions, which may inform cus-
tomisation for neurodivergent users. In particular, qualitative ap-
proaches may reveal how autistic people experience Al systems,
particularly regarding trust, perceived agency, and emotional comfort.

Second, following the reasoned action perspective that attitudes
guide behaviours (Ajzen & Fishbein, 2000), our study focused on gen-
eral attitudes towards AI. We consider these attitudes important because
they may be associated with openness to Al across diverse application
contexts (Schepman & Rodway, 2020), such as nursing (Tuncer &
Tuncer, 2024) or education (Katsantonis & Katsantonis, 2024). Specif-
ically, the patterns observed here may influence how neurodivergent
people perceive Al in settings where these technologies are increasingly
used. For example, autistic people’s generally positive orientation to-
wards Al may translate into greater acceptance of Al-supported thera-
peutic or educational tools that provide structure and predictability.
Conversely, the less favourable attitudes linked to social or sensory
difficulties could inform the design of healthcare and educational Al
systems by highlighting the need to minimise sensory overload or social
ambiguity in user interfaces. In this way, our general-attitude findings
extend to practical considerations in applied domains central to neuro-
diversity inclusion. However, future work should investigate
application-specific attitudes (e.g., attitudes towards healthcare Al vs.
educational Al), to provide an understanding of how autistic traits,
gender, and age shape how specific Al systems might be received in
practice. Likewise, while we discuss possible mechanisms of the effects
observed, these were not directly assessed in our dataset and remain
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speculative.

Third, the study relied on self-reported autism diagnosis and self-
identified autistic status, without clinical verification. Reporting three
groups separately improves transparency but also highlights that cate-
gorical contrasts are sensitive to group composition (e.g., gender bal-
ance, individual traits). The self-identified group was more female-
skewed and showed lower means; thus, categorical differences should
be interpreted as descriptive summaries of this sample rather than
generalised to all autistic people. Given that self-identification is valid
and increasingly recognised in neurodiversity research (Ardeleanu et al.,
2024), future research should compare gender-balanced groups to
explore whether self-identification reflects similar trait profiles.

4.2. Conclusion

Our findings suggest that neurodiversity, gender, and age—at least to
a limited extent—shape how people perceive Al These findings high-
light the need for inclusive AI design and show that embracing neuro-
diversity can improve accessibility and user satisfaction. By recognising
the diverse needs and preferences of neurodivergent populations, Al
developers can move towards more equitable technologies. Doing so will
not only improve accessibility for autistic people, but also foster a digital
future in which diversity is not a challenge to overcome but a resource to
build on.

CRediT authorship contribution statement

Friederike Charlotte Hechler: Writing — review & editing, Writing
— original draft, Visualization, Validation, Supervision, Resources,
Project administration, Methodology, Investigation, Funding acquisi-
tion, Formal analysis, Data curation, Conceptualization. Outi Tuomai-
nen: Writing — review & editing, Validation, Supervision, Resources,
Methodology, Funding acquisition, Formal analysis, Conceptualization.
Nathan Caruana: Writing - review & editing, Validation, Supervision,
Resources, Methodology, Formal analysis, Conceptualization.

Declaration of the use of Al assisted technologies

During the preparation of this work the authors used Grammarly for
proof reading and spell checking. The authors reviewed and edited the
content as needed and take full responsibility for the content of the
publication.

Funding statement

Data collection was funded by Kooperationsforderung, Potsdam
University.

Declaration of competing interest

The authors declare that they have no known competing financial
interests or personal relationships that could have appeared to influence
the work reported in this paper.

Data availability

All anonymised data is avalable on the project’s OSF page:
https://osf.io/anrq7/

References

Ajzen, 1., & Fishbein, M. (2000). Attitudes and the attitude-behavior relation: Reasoned
and automatic processes. European Review of Social Psychology - EUR REV SOC
PSYCHOL, 11, 1-33. https://doi.org/10.1080/14792779943000116

Ardeleanu, K., Steinberg, H., Garfield, T., Voltaire, S., Shea, L., Brown, M., Chvasta, K., &
Tan, C. D. (2024). Self-identification of autism: Why some autistic adults lack a


https://osf.io/anrq7/
https://doi.org/10.1080/14792779943000116

F.C. Hechler et al.

clinical diagnosis and why this matters for inclusion. Autism. https://doi.org/
10.1177/13623613241297222. Article 13623613241297222.

Attitudes towards the impact of digitisation and automation on daily life. (2017). European
Commission. https://doi.org/10.2759/835661

Baio, J., Wiggins, L., Christensen, D. L., Maenner, M. J., Daniels, J., Warren, Z., Kurzius-
Spencer, M., Zahorodny, W., Rosenberg, C. R., White, T., Durkin, M. S., Imm, P.,
Nikolaou, L., Yeargin-Allsopp, M., Lee, L.-C., Harrington, R., Lopez, M.,

Fitzgerald, R. T., Hewitt, A,, ... Dowling, N. F. (2018). Prevalence of autism spectrum
disorder among children aged 8 years — Autism and developmental disabilities
monitoring network, 11 sites, United States, 2014. MMWR. Surveillance Summaries,
67(6), 1-23. https://doi.org/10.15585/mmwr.ss6706al

Begeer, S., Mandell, D., Wijnker-Holmes, B., Venderbosch, S., Rem, D., Stekelenburg, F.,
& Koot, H. M. (2013). Sex differences in the timing of identification among children
and adults with autism spectrum disorders. Journal of Autism and Developmental
Disorders, 43(5), 1151-1156. https://doi.org/10.1007/510803-012-1656-z

Beggiato, A., Peyre, H., Maruani, A., Scheid, I., Rastam, M., Amsellem, F., Gillberg, C. I,
Leboyer, M., Bourgeron, T., Gillberg, C., & Delorme, R. (2017). Gender differences in
autism spectrum disorders: Divergence among specific core symptoms. Autism
Research, 10(4), 680-689. https://doi.org/10.1002/aur.1715

Belanche, D., Casald, L. V., & Flavian, C. (2019). Artificial intelligence in FinTech:
Understanding robo-advisors adoption among customers. Industrial Management +
Data Systems, 119(7), 1411-1430. https://doi.org/10.1108/IMDS-08-2018-0368

Belcher, H. L., Morein-Zamir, S., Stagg, S. D., & Ford, R. M. (2023). Shining a light on a
hidden population: Social functioning and mental health in women reporting autistic
traits but lacking diagnosis. Journal of Autism and Developmental Disorders, 53(8),
3118-3132. https://doi.org/10.1007/5s10803-022-05583-2

Benedicto-Rodriguez, G., Zorrilla-Munoz, V., Garcia-Aracil, N., Fernandez, E., &
Ferrandez, J. M. (2025). Understanding technology perception in autism with
separate analyses for anxiety and depression using quantum circuit simulation
approach. Technologies, 13(4). https://doi.org/10.3390/technologies13040165.
Article 165.

Billard, A., Robins, B., Nadel, J., & Dautenhahn, K. (2007). Building robota, a mini-
humanoid robot for the rehabilitation of children with autism. Assistive Technology:
The Official Journal of RESNA, 19, 37-49. https://doi.org/10.1080/
10400435.2007.10131864

Black, M. H., Clarke, P. J. F., Deane, E., Smith, D., Wiltshire, G., Yates, E., Lawson, W. B.,
& Chen, N. T. M. (2023). ‘That impending dread sort of feeling’: Experiences of social
interaction from the perspectives of autistic adults. Research in Autism Spectrum
Disorders, 101. https://doi.org/10.1016/j.rasd.2022.102090. Article 102090.

Cabibihan, J. J., Javed, H., Ang, M., et al. (2013). Why robots? A survey on the roles and
benefits of social robots in the therapy of children with autism. International Journal
of Social Robotics, 5(4), 593-618. https://doi.org/10.1007/512369-013-0202-2

Caruana, N., White, R. C., & Remington, A. (2021). Autistic traits and loneliness in
autism are associated with increased tendencies to anthropomorphise. Quarterly
Journal of Experimental Psychology, 74(7), 1295-1304. https://doi.org/10.1177/
17470218211005694

Chen, L., Chen, P., & Lin, Z. (2020). Artificial intelligence in education: A review. IEEE
Access, 8, 75264-75278. https://doi.org/10.1109/ACCESS.2020.2988510

Cho, S., Cola, M., Knox, A., Pelella, M. R., Russell, A., Hauptmann, A., Covello, M.,
Cieri, C., Liberman, M., Schultz, R. T., & Parish-Morris, J. (2023). Sex differences in
the temporal dynamics of autistic children’s natural conversations. Molecular Autism,
14(1). https://doi.org/10.1186/513229-023-00545-6. Article 13.

Choudhury, M., Prabhu, S., Sabri, A. K., & Marhoon, H. A. (2023). Impact of artificial
intelligence (AI) in the media and entertainment industry. AIP Conference
Proceedings, 2736(1), Article 060012. https://doi.org/10.1063/5.0171147

Currie, G. M. (2023). Academic integrity and artificial intelligence: Is ChatGPT hype,
hero or heresy? Seminars in Nuclear Medicine, 53(5), 719-730. https://doi.org/
10.1053/j.semnuclmed.2023.04.008

Dautenhahn, K. (2003). Roles and functions of robots in human society: Implications
from research in autism therapy. Robotica, 21(4), 443-452. https://doi.org/
10.1017/50263574703004922

Dautenhahn, K., & Werry, 1. (2004). Towards interactive robots in autism therapy:
Background, motivation and challenges. Pragmatics and Cognition, 12, 1-35. https://
doi.org/10.1075/pc.12.1.03dau

Dean, M., Harwood, R., & Kasari, C. (2017). The art of camouflage: Gender differences in
the social behaviors of girls and boys with autism spectrum disorder. Autism: The
International Journal of Research and Practice, 21(6), 678-689. https://doi.org/
10.1177/1362361316671845

Du, Y., Wang, C., Zou, B., & Xia, Y. (2025). Personalizing Al tools for second language
speaking: The role of gender and autistic traits. Frontiers in Psychiatry, 15. https://
doi.org/10.3389/fpsyt.2024.1464575. Article 1464575.

Elson, J. S., Derrick, D., & Ligon, G. (2018). Examining trust and reliance in
collaborations between humans and automated agents, 430-439 https://doi.
org/10.24251/HICSS.2018.056.

Fainman, A. (2019). The problem with opaque Al. The Thinker, 82, 44-55. https://doi.
org/10.36615/thethinker.v82i4.373

Fast, E., & Horvitz, E. (2017). Long-term trends in the public perception of artificial
intelligence. Proceedings of the ...AAAI conference on artificial intelligence (Vol. 31).

Fein, D., Barton, M., Eigsti, I.-M., Kelley, E., Naigles, L., Schultz, R. T., Stevens, M.,
Helt, M., Orinstein, A., Rosenthal, M., Troyb, E., & Tyson, K. (2013). Optimal
outcome in individuals with a history of autism. Journal of Child Psychology and
Psychiatry, 54(2), 195-205. https://doi.org/10.1111/jcpp.12037

Ferrara, C., & Hill, S. D. (1980). The responsiveness of autistic children to the
predictability of social and nonsocial toys. Journal of Autism and Developmental
Disorders, 10(1), 51-57. https://doi.org/10.1007/BF02408432

10

Computers in Human Behavior Reports 20 (2025) 100847

Fietta, V., Zecchinato, F., Stasi, B. D., Polato, M., & Monaro, M. (2022). Dissociation
between users’ explicit and implicit attitudes toward artificial intelligence: An
experimental study. IEEE Transactions on Human-Machine Systems, 52(3), 481-489.

Forgeot d’Arc, B., Ramus, F., Lefebvre, A., Brottier, D., Zalla, T., Moukawane, S.,
Amsellem, F., Letellier, L., Peyre, H., Mouren, M.-C., Leboyer, M., & Delorme, R.
(2014). Atypical social judgment and sensitivity to perceptual cues in autism
spectrum disorders. Journal of Autism and Developmental Disorders, 46, 1574-1581.
https://doi.org/10.1007/510803-014-2208-5

Gesi, C., Migliarese, G., Torriero, S., Capellazzi, M., Omboni, A. C., Cerveri, G., &
Mencacci, C. (2021). Gender differences in misdiagnosis and delayed diagnosis
among adults with autism spectrum disorder with no language or intellectual
disability. Brain Sciences, 11(7). https://doi.org/10.3390/brainsci11070912. Article
912.

Gillespie-Lynch, K., Kapp, S. K., Shane-Simpson, C., Smith, D. S., & Hutman, T. (2014).
Intersections between the autism spectrum and the internet: Perceived benefits and
preferred functions of computer-mediated communication. Intellectual and
Developmental Disabilities, 52(6), 456-469. https://doi.org/10.1352/1934-9556-
52.6.456

Glasman, L. R., & Albarracin, D. (2006). Forming attitudes that predict future behavior: A
meta-analysis of the attitude-behavior relation. Psychological Bulletin, 132(5),
778-822. https://doi.org/10.1037/0033-2909.132.5.778

Go, H., Kang, M., & Suh, S. C. (2020). Machine learning of robots in tourism and
hospitality: Interactive technology acceptance model (iTAM) — Cutting edge. Tourism
Review, 75(4), 625-636.

Grace, K., Remington, A., Lloyd-Evans, B., Davies, J., & Crane, L. (2022). Loneliness in
autistic adults: A systematic review. Autism, 26(8), 2117-2135. https://doi.org/
10.1177/13623613221077721

Happé, F. G., Mansour, H., Barrett, P., Brown, T., Abbott, P., & Charlton, R. A. (2016).
Demographic and cognitive profile of individuals seeking a diagnosis of autism
spectrum disorder in adulthood. Journal of Autism and Developmental Disorders, 46
(11), 3469-3480.

Hechler, F. C., Tuomainen, O., Weber, N., Fahr, F., Karlek, B., Maroske, M., Misia, M., &
Caruana, N. (2025). What does "often’ even mean?” revising and validating the
comprehensive autistic trait inventory in partnership with autistic people. Molecular
Autism, 16(1). https://doi.org/10.1186/513229-025-00643-7. Article 7.

Hedges, S. H., Odom, S. L., Hume, K., & Sam, A. (2018). Technology use as a support tool
by secondary students with autism. Autism, 22(1), 70-79. https://doi.org/10.1177/
1362361317717976

Hiller, R. M., Young, R. L., & Weber, N. (2014). Sex differences in autism spectrum
disorder based on DSM-5 criteria: Evidence from clinician and teacher reporting.
Journal of Abnormal Child Psychology, 42(8), 1381-1393. https://doi.org/10.1007/
$10802-014-9881-x

Holzinger, A., Keiblinger, K., Holub, P., Zatloukal, K., & Miiller, H. (2023). Al for life:
Trends in artificial intelligence for biotechnology. New Biotech, 74, 16-24. https://
doi.org/10.1016/j.nbt.2023.02.001

Howard, P. L., & Sedgewick, F. (2021). ‘Anything but the phone!’: Communication mode
preferences in the autism community. Autism, 25(8), 2265-2278. https://doi.org/
10.1177/13623613211014995

Hsiao, M.-N., Tseng, W.-L., Huang, H.-Y., & Gau, S. S.-F. (2013). Effects of autistic traits
on social and school adjustment in children and adolescents: The moderating roles of
age and gender. Research in Developmental Disabilities, 34(1), 254-265. https://doi.
org/10.1016/j.ridd.2012.08.001

Huke, V., Turk, J., Saeidi, S., Kent, A., & Morgan, J. F. (2013). Autism spectrum disorders
in eating disorder populations: A systematic review. European Eating Disorders
Review, 21(5), 345-351. https://doi.org/10.1002/erv.2244

Hull, L., & Mandy, W. (2017). Protective effect or missed diagnosis? Females with autism
spectrum disorder. Future Neurology, 12(3), 159-169. https://doi.org/10.2217/fnl-
2017-0006

Hull, L., Petrides, K., & Mandy, W. (2020). The female autism phenotype and
camouflaging: A narrative review. Review Journal of Autism and Developmental
Disorders, 7, 306-317. https://doi.org/10.1007/540489-020-00197-9

Issa, H., Jaber, J., & Lakkis, H. (2024). Navigating Al unpredictability: Exploring
technostress in Al-powered healthcare systems. Technological Forecasting and Social
Change, 202. https://doi.org/10.1016/j.techfore.2024.123311. Article 123311.

Ivanov, S., Kuyumdzhiev, M., & Webster, C. (2020). Automation fears: Drivers and
solutions. Technology in Society, 63. https://doi.org/10.1016/j.techsoc.2020.101431.
Article 101431.

Jecker, N. S., & Nakazawa, E. (2022). Bridging east-west differences in ethics guidance
for AI and robotics. Al, 3(3), 764-777 https://doi.org/10.3390/ai3030045.

Katsantonis, A., & Katsantonis, I. (2024). University students’ attitudes toward artificial
intelligence: An exploratory study of the cognitive, emotional, and behavioural
dimensions of Al attitudes. Education Sciences, 14. https://doi.org/10.3390/
educscil4090988. Article 988.

Kenny, L., Hattersley, C., Molins, B., Buckley, C., Povey, C., & Pellicano, E. (2016). Which
terms should be used to describe autism? Perspectives from the UK autism
community. Autism: The International Journal of Research and Practice, 4(20),
442-462. https://doi.org/10.1177/1362361315588200

Kreiser Wells, N., & White, S. (2013). ASD in females: Are we overstating the gender
difference in diagnosis? Clinical Child and Family Psychology Review, 17, 67-84.
https://doi.org/10.1007/s10567-013-0148-9

Kumar, R., Eaton, S. E., Mindzak, M., & Morrison, R. (2020). Academic integrity and
artificial intelligence: An overview. In S. E. Eaton (Ed.), Handbook of academic
integrity (pp. 1-14). Singapore: Springer Nature. https://doi.org/10.1007/978-981-
287-079-7_153-1.

Lai, M.-C., Lombardo, M., Auyeung, B., Chakrabarti, B., & Baron-Cohen, S. (2015). Sex/
gender differences and autism: Setting the scene for future research. Journal of the


https://doi.org/10.1177/13623613241297222
https://doi.org/10.1177/13623613241297222
https://doi.org/10.2759/835661
https://doi.org/10.15585/mmwr.ss6706a1
https://doi.org/10.1007/s10803-012-1656-z
https://doi.org/10.1002/aur.1715
https://doi.org/10.1108/IMDS-08-2018-0368
https://doi.org/10.1007/s10803-022-05583-2
https://doi.org/10.3390/technologies13040165
https://doi.org/10.1080/10400435.2007.10131864
https://doi.org/10.1080/10400435.2007.10131864
https://doi.org/10.1016/j.rasd.2022.102090
https://doi.org/10.1007/s12369-013-0202-2
https://doi.org/10.1177/17470218211005694
https://doi.org/10.1177/17470218211005694
https://doi.org/10.1109/ACCESS.2020.2988510
https://doi.org/10.1186/s13229-023-00545-6
https://doi.org/10.1063/5.0171147
https://doi.org/10.1053/j.semnuclmed.2023.04.008
https://doi.org/10.1053/j.semnuclmed.2023.04.008
https://doi.org/10.1017/S0263574703004922
https://doi.org/10.1017/S0263574703004922
https://doi.org/10.1075/pc.12.1.03dau
https://doi.org/10.1075/pc.12.1.03dau
https://doi.org/10.1177/1362361316671845
https://doi.org/10.1177/1362361316671845
https://doi.org/10.3389/fpsyt.2024.1464575
https://doi.org/10.3389/fpsyt.2024.1464575
https://doi.org/10.24251/HICSS.2018.056
https://doi.org/10.24251/HICSS.2018.056
https://doi.org/10.36615/thethinker.v82i4.373
https://doi.org/10.36615/thethinker.v82i4.373
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref24
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref24
https://doi.org/10.1111/jcpp.12037
https://doi.org/10.1007/BF02408432
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref27
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref27
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref27
https://doi.org/10.1007/s10803-014-2208-5
https://doi.org/10.3390/brainsci11070912
https://doi.org/10.1352/1934-9556-52.6.456
https://doi.org/10.1352/1934-9556-52.6.456
https://doi.org/10.1037/0033-2909.132.5.778
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref32
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref32
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref32
https://doi.org/10.1177/13623613221077721
https://doi.org/10.1177/13623613221077721
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref34
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref34
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref34
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref34
https://doi.org/10.1186/s13229-025-00643-7
https://doi.org/10.1177/1362361317717976
https://doi.org/10.1177/1362361317717976
https://doi.org/10.1007/s10802-014-9881-x
https://doi.org/10.1007/s10802-014-9881-x
https://doi.org/10.1016/j.nbt.2023.02.001
https://doi.org/10.1016/j.nbt.2023.02.001
https://doi.org/10.1177/13623613211014995
https://doi.org/10.1177/13623613211014995
https://doi.org/10.1016/j.ridd.2012.08.001
https://doi.org/10.1016/j.ridd.2012.08.001
https://doi.org/10.1002/erv.2244
https://doi.org/10.2217/fnl-2017-0006
https://doi.org/10.2217/fnl-2017-0006
https://doi.org/10.1007/s40489-020-00197-9
https://doi.org/10.1016/j.techfore.2024.123311
https://doi.org/10.1016/j.techsoc.2020.101431
https://doi.org/10.3390/ai3030045
https://doi.org/10.3390/educsci14090988
https://doi.org/10.3390/educsci14090988
https://doi.org/10.1177/1362361315588200
https://doi.org/10.1007/s10567-013-0148-9
https://doi.org/10.1007/978-981-287-079-7_153-1
https://doi.org/10.1007/978-981-287-079-7_153-1

F.C. Hechler et al.

American Academy of Child & Adolescent Psychiatry, 54(1), 11-24. https://doi.org/
10.1016/j.jaac.2014.10.003

Lockwood Estrin, G., Milner, V., Spain, D., Happe, F., & Colvert, E. (2021). Barriers to
autism spectrum disorder diagnosis for young women and girls: A systematic review.
Review Journal of Autism and Developmental Disorders, 8, 1-17. https://doi.org/
10.1007/540489-020-00225-8

Lodi-Smith, J., Rodgers, J. D., Cunningham, S. A., Lopata, C., & Thomeer, M. L. (2019).
Meta-analysis of big five personality traits in autism spectrum disorder. Autism, 23
(3), 556-565.

Macchia, A., Albantakis, L., Zebhauser, P. T., et al. (2024). Autistic adults avoid
unpredictability in decision-making. Journal of Autism and Developmental Disorders.
https://doi.org/10.1007/5s10803-024-06503-2

Mandy, W., Chilvers, R., Chowdhury, U., Salter, G., Seigal, A., & Skuse, D. (2012). Sex
differences in autism spectrum disorder: Evidence from a large sample of children
and adolescents. Journal of Autism and Developmental Disorders, 42(7), 1304-1313.
https://doi.org/10.1007/s10803-011-1356-0

Mantello, P., Ho, T., Nguyen, M.-H., & Vuong, Q.-H. (2021). Bosses without a heart:
Socio-demographic and cross-cultural determinants of attitude toward emotional Al
in the workplace. AI & Society, 36. https://doi.org/10.1007/500146-021-01290-1.
AOP.

Mittelsteadt, M. (2023). Artificial intelligence: An introduction for policymakers.
Mercatus Center [Mercatus Research Paper].

Mohr, S., & Kiihl, R. (2021). Acceptance of artificial intelligence in german agriculture:
An application of the technology acceptance model and the theory of planned
behavior. Precision Agriculture, 22(6), 1816-1844.

Moore, D., Cheng, Y., Mcgrath, P., & Powell, N. (2005). Collaborative virtual
environment technology for people with autism. Focus on Autism and Other
Developmental Disabilities, 20, 231-243. https://doi.org/10.1177/
10883576050200040501

Moore, D., McGrath, P., & Thorpe, J. (2000). Computer-aided learning for people with
autism-a framework for research and development. Innovations in Education and
Training International, 37(3), 218-228. https://doi.org/10.1080/
13558000050138452

Oswald, T. M., Winter-Messiers, M. A., Gibson, B., Schmidt, A. M., Herr, C. M., &
Solomon, M. (2016). Sex differences in internalizing problems during adolescence in
autism spectrum disorder. Journal of Autism and Developmental Disorders, 46(2),
624-636.

Park, J., & Woo, S. E. (2022). Who likes artificial intelligence? Personality predictors of
attitudes toward artificial intelligence. Journal of Psychology, 156(1), 68-94. https://
doi.org/10.1080,/00223980.2021.2012109

Prizant, B. M., & Wetherby, A. M. (1987). Communicative intent: A framework for
understanding social-communicative behavior in autism. Journal of the American
Academy of Child & Adolescent Psychiatry, 26(4), 472-479. https://doi.org/10.1097/
00004583-198707000-00002

Rakhymbayeva, N., Amirova, A., & Sandygulova, A. (2021). A long-term engagement
with a social robot for autism therapy. Frontiers in Robotics and Al 8, Article 669972.
https://doi.org/10.3389/frobt.2021.669972

Ribeiro, M. A., Gursoy, D., & Chi, O. H. (2022). Customer acceptance of autonomous
vehicles in travel and tourism. Journal of Travel Research, 61(3), 620-636. https://
doi.org/10.1177/0047287521993578

Robins, B., Dautenhahn, K., & Dubowski, J. (2006). Does appearance matter in the
interaction of children with autism with a humanoid robot? Interact stud. Interaction
Studies, 7, 479-512. https://doi.org/10.1075/is.7.3.16rob

Robinson, E., Hull, L., & Petrides, K. V. (2020). Big five model and trait emotional
intelligence in camouflaging behaviours in autism. Personality and Individual
Differences, 152, Article 109565. https://doi.org/10.1016/j.paid.2019.109565

Rosset, D., Rondan, C., Da Fonseca, D., Santos, A., Assouline, B., & Deruelle, C. (2007).
Typical emotion processing for cartoon but not for real faces in children with autistic
spectrum disorders. Journal of Autism and Developmental Disorders, 38, 919-925.
https://doi.org/10.1007/s10803-007-0465-2

Rubinger, L., Gazendam, A., Ekhtiari, S., & Bhandari, M. (2023). Machine learning and
artificial intelligence in research and healthcare. Injury, 54, S69-S73. https://doi.
org/10.1016/j.injury.2022.01.046

Rynkiewicz, A., Schuller, B., Marchi, E., Piana, S., Camurri, A., Lassalle, A., & Baron-
Cohen, S. (2016). An investigation of the ’female camouflage effect’ in autism using
a computerized ADOS-2 and a test of sex/gender differences. Molecular Autism, 7
(10). https://doi.org/10.1186/513229-016-0073-0. Article 10.

Scassellati, B., Admoni, H., & Matari, M. (2012). Robots for use in autism research.
Annual Review of Biomedical Engineering, 14(1), 275-294. https://doi.org/10.1146/
annurev-bioeng-071811-150036

Schepman, A., & Rodway, P. (2020). Initial validation of the general attitudes towards
artificial intelligence scale. Computers in Human Behavior Reports, 1. https://doi.org/
10.1016/j.chbr.2020.100014. Article 100014.

Schepman, A., & Rodway, P. (2023). The general attitudes towards artificial intelligence
scale (GAAIS): Confirmatory validation and associations with personality, corporate
distrust, and general trust. International Journal of Human-Computer Interaction, 39
(13), 2724-2741. https://doi.org/10.1080/10447318.2022.2085400

Schmitt, D. P., Realo, A., Voracek, M., & Allik, J. (2008). Why can’t a man be more like a
woman? Sex differences in big five personality traits across 55 cultures. Journal of
Personality and Social Psychology, 94(1), 168-182.

11

Computers in Human Behavior Reports 20 (2025) 100847

Schuck, R., Flores, R., & Fung, L. (2019). Brief report: Sex/gender differences in
symptomology and camouflaging in adults with autism spectrum disorder. Journal of
Autism and Developmental Disorders, 49. https://doi.org/10.1007/s10803-019-
03998-y

Secinaro, S., Calandra, D., Secinaro, A., Muthurangu, V., & Biancone, P. (2021). The role
of artificial intelligence in healthcare: A structured literature review. BMC Medical
Informatics and Decision Making, 21. https://doi.org/10.1186/512911-021-01488-9.
Article 125.

Sedgewick, F., Hill, V., Yates, R., Pickering, L., & Pellicano, E. (2016). Gender differences
in the social motivation and friendship experiences of autistic and non-autistic
adolescents. Journal of Autism and Developmental Disorders, 46(4), 1297-1306.
https://doi.org/10.1007/s10803-015-2669-1

Sijing, L., & Lan, W. (2018). Artificial intelligence education ethical problems and
solutions. 2018 13th international conference on computer science & education (ICCSE).
https://doi.org/10.1109/ICCSE.2018.8468773

Sindermann, C., Haibo, Y., Elhai, J., Yang, S., Quan, L., Li, M., & Montag, C. (2021).
Acceptance and fear of artificial intelligence: Associations with personality in a
german and a chinese sample. Discover Psychology, 2. https://doi.org/10.1007/
544202-022-00020-y

Sinha, P., Kjelgaard, M. M., Gandhi, T. K., Tsourides, K., Cardinaux, A. L., Pantazis, D.,
Diamond, S. P., & Held, R. M. (2014). Autism as a disorder of prediction. Proceedings
of the National Academy of Sciences, 111(42), 15220-15225. https://doi.org/
10.1073/pnas.1416797111

Stein, J.-P., Messingschlager, T., Gnambs, T., Hutmacher, F., & Appel, M. (2024).
Attitudes towards Al: Measurement and associations with personality. Scientific
Reports, 14. https://doi.org/10.1038/s41598-024-53335-2. Article 2909.

Strang, J. F., van der Miesen, Caplan, R., Hughes, C., daVanport, S., & Lai, M. C. (2020).
Both sex- and gender-related factors should be considered in autism research and
clinical practice. Autism, 24(3), 539-543. https://doi.org/10.1177/
1362361320913192

Thorp, H. H. (2023). ChatGPT is fun, but not an author. Science, 379(6630). https://doi.
org/10.1126/science.adg7879, 313-313.

Tuncer, G. Z., & Tuncer, M. (2024). Investigation of nurses’ general attitudes toward
artificial intelligence and their perceptions of ChatGPT usage and influencing
factors. DIGITAL HEALTH, 10. https://doi.org/10.1177/20552076241277025.
Article 20552076241277025.

Vesnic-Alujevic, L., Nascimento, S., & Pélvora, A. (2020). Societal and ethical impacts of
artificial intelligence: Critical notes on european policy frameworks.
Telecommunications Policy, 44(6), Article 101961. https://doi.org/10.1016/j.
telpol.2020.101961

Walmsley, J. (2021). Artificial intelligence and the value of transparency. AI & Society,
36, 1-11. https://doi.org/10.1007/500146-020-01066-z

Waytz, A., & Norton, M. L. (2014). Botsourcing and outsourcing: Robot, british, chinese,
and german workers are for thinking-not feeling-jobs. Emotion, 14(2), 434-444.

White, R. C., & Remington, A. (2019). Object personification in autism: This paper will be
very sad if you don’t read it. Autism: The International Journal of Research and
Practice, 23(4), 1042-1045. https://doi.org/10.1177/1362361318793408

Whitlock, A., Fulton, K., Lai, M., Pellicano, E., & Mandy, W. (2020). Recognition of girls
on the autism spectrum by primary school educators: An experimental study. Autism
Research, 13(8), 1358-1372. https://doi.org/10.1002/aur.2316

Wilson, C., Murphy, C. M., McAlonan, G., Robertson, D. M., Spain, D., Hayward, H.,
Woodhouse, E., Deeley, P. Q., Gillan, N., Ohlsen, J. C., Zinkstok, J., Stoencheva, V.,
Faulkner, J., Yildiran, H., Bell, V., Hammond, N., Craig, M. C., & Murphy, D. G.
(2016). Does sex influence the diagnostic evaluation of autism spectrum disorder in
adults? Autism: The International Journal of Research and Practice, 20(7), 808-819.
https://doi.org/10.1177/1362361315611381

Wischmeyer, T. (2020). Artificial intelligence and transparency: Opening the black box.
In T. Wischmeyer, & T. Rademacher (Eds.), Regulating artificial intelligence (pp.
75-101). Springer International Publishing. https://doi.org/10.1007/978-3-030-
32361-5_4.

Wood-Downie, H., Wong, B., Kovshoff, H., Cortese, S., & Hadwin, J. A. (2021). Research
review: A systematic review and meta-analysis of sex/gender differences in social
interaction and communication in autistic and nonautistic children and adolescents.
Journal of Child Psychology and Psychiatry, 62(8), 922-936. https://doi.org/10.1111/
jepp.13337

Xu, N., & Wang, K.-J. (2021). Adopting robot lawyer? The extending artificial
intelligence robot lawyer technology acceptance model for legal industry by an
exploratory study, 27(5), 867-885 https://doi.org/10.1017/jmo.2018.81.

Yin, J., Ngiam, K. Y., & Teo, H. H. (2021). Role of artificial intelligence applications in
real-life clinical practice: Systematic review. Journal of Medical Internet Research, 23
(4), Article €25759. https://doi.org/10.2196/25759

Zhang, B., & Dafoe, A. (2019). Artificial intelligence: American attitudes and trends.
SSRN Electronic Journal. https://doi.org/10.2139/ssrn.3312874

Ztotowski, J., Yogeeswaran, K., & Bartneck, C. (2017). Can we control it? Autonomous
robots t hreaten human identity, uniqueness, safety, and resources. International
Journal of Human-Computer Studies, 100, 48-54. https://doi.org/10.1016/j.
ijhcs.2016.12.008


https://doi.org/10.1016/j.jaac.2014.10.003
https://doi.org/10.1016/j.jaac.2014.10.003
https://doi.org/10.1007/s40489-020-00225-8
https://doi.org/10.1007/s40489-020-00225-8
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref53
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref53
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref53
https://doi.org/10.1007/s10803-024-06503-2
https://doi.org/10.1007/s10803-011-1356-0
https://doi.org/10.1007/s00146-021-01290-1
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref57
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref57
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref58
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref58
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref58
https://doi.org/10.1177/10883576050200040501
https://doi.org/10.1177/10883576050200040501
https://doi.org/10.1080/13558000050138452
https://doi.org/10.1080/13558000050138452
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref61
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref61
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref61
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref61
https://doi.org/10.1080/00223980.2021.2012109
https://doi.org/10.1080/00223980.2021.2012109
https://doi.org/10.1097/00004583-198707000-00002
https://doi.org/10.1097/00004583-198707000-00002
https://doi.org/10.3389/frobt.2021.669972
https://doi.org/10.1177/0047287521993578
https://doi.org/10.1177/0047287521993578
https://doi.org/10.1075/is.7.3.16rob
https://doi.org/10.1016/j.paid.2019.109565
https://doi.org/10.1007/s10803-007-0465-2
https://doi.org/10.1016/j.injury.2022.01.046
https://doi.org/10.1016/j.injury.2022.01.046
https://doi.org/10.1186/s13229-016-0073-0
https://doi.org/10.1146/annurev-bioeng-071811-150036
https://doi.org/10.1146/annurev-bioeng-071811-150036
https://doi.org/10.1016/j.chbr.2020.100014
https://doi.org/10.1016/j.chbr.2020.100014
https://doi.org/10.1080/10447318.2022.2085400
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref74
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref74
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref74
https://doi.org/10.1007/s10803-019-03998-y
https://doi.org/10.1007/s10803-019-03998-y
https://doi.org/10.1186/s12911-021-01488-9
https://doi.org/10.1007/s10803-015-2669-1
https://doi.org/10.1109/ICCSE.2018.8468773
https://doi.org/10.1007/s44202-022-00020-y
https://doi.org/10.1007/s44202-022-00020-y
https://doi.org/10.1073/pnas.1416797111
https://doi.org/10.1073/pnas.1416797111
https://doi.org/10.1038/s41598-024-53335-2
https://doi.org/10.1177/1362361320913192
https://doi.org/10.1177/1362361320913192
https://doi.org/10.1126/science.adg7879
https://doi.org/10.1126/science.adg7879
https://doi.org/10.1177/20552076241277025
https://doi.org/10.1016/j.telpol.2020.101961
https://doi.org/10.1016/j.telpol.2020.101961
https://doi.org/10.1007/s00146-020-01066-z
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref87
http://refhub.elsevier.com/S2451-9588(25)00262-3/sref87
https://doi.org/10.1177/1362361318793408
https://doi.org/10.1002/aur.2316
https://doi.org/10.1177/1362361315611381
https://doi.org/10.1007/978-3-030-32361-5_4
https://doi.org/10.1007/978-3-030-32361-5_4
https://doi.org/10.1111/jcpp.13337
https://doi.org/10.1111/jcpp.13337
https://doi.org/10.1017/jmo.2018.81
https://doi.org/10.2196/25759
https://doi.org/10.2139/ssrn.3312874
https://doi.org/10.1016/j.ijhcs.2016.12.008
https://doi.org/10.1016/j.ijhcs.2016.12.008

	Autistic traits, gender and age interact to influence attitudes towards Artificial Intelligence
	1 Background
	2 Methods
	3 Results
	3.1 Main analysis
	3.1.1 Hierarchical multiple linear regression
	3.1.2 Correlations between autistic traits and attitudes towards AI
	3.1.2.1 Total scores
	3.1.2.2 CATI-R subscales and ATTARI-12 total scores
	3.1.2.3 CATI-R subscales and ATTARI-12 subdomains


	3.2 Exploring the relationship between neurodiversity, attitudes towards AI, and gender
	3.2.1 ANOVA
	3.2.2 Correlations between autistic traits and attitudes towards AI per gender
	3.2.2.1 Total scores
	3.2.2.2 CATI-R subscales and ATTARI-12 subdomains

	3.2.3 Moderation analysis

	3.3 Exploring the relationship between neurodiversity, attitudes towards AI, and age

	4 Discussion
	4.1 Limitations
	4.2 Conclusion

	CRediT authorship contribution statement
	Declaration of the use of AI assisted technologies
	Funding statement
	Declaration of competing interest
	Data availability
	References


